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2. PATHOLOGICAL

2.1 The algorithm

IMA GE ANALYSIS
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3. GPUCLUSTER TESTBED

2.2 Major challenges
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4. TOOLS AND GPU IMPLEMENT ATION

Without using the GPU |

single CPU socket \l

Involving the GPU

single CPY core
single graphi:cs card

Single node
Multiprocess
(upto 16

nodes)

DataCutter + CUDA

dual CPU socket / node
dual CPU core / socket

single graphics card
dual graphics card

DataCutter
dual CPU socket / node
dual CPU core / socket
no graphics card

increasing performance
and programming effort

4.1 CUDA

4.1.1 ComputatiorParadigm
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4.1.3 Implementatiorof Image AnalysisCode

4.1.2 Memoryandregisters
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5. EXPERIMENTAL RESULTS
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6. CONCLUSIONS
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